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(57) ABSTRACT

The present invention relates to a high precision method,
model and apparatus for calibrating, determining the rota-
tion of the lens scope around its symmetry axis, updating the
projection model accordingly, and correcting the image
radial distortion in real-time using parallel processing for
best image quality.

The solution provided herein relies on a complete geometric
calibration of optical devices, such as cameras commonly
used in medicine and in industry in general, and subsequent
rendering of perspective correct image in real-time. The
calibration consists on the determination of the parameters
of a suitable mapping function that assigns each pixel to the
3D direction of the corresponding incident light. The prac-
tical implementation of such solution is very straightfor-
ward, requiring the camera to capture only a single view of
a readily available calibration target, that may be assembled
inside a specially designed calibration apparatus, and a
computer implemented processing pipeline that runs in real
time using the parallel execution capabilities of the compu-
tational platform.
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METHOD AND APPARATUS FOR
AUTOMATIC CAMERA CALIBRATION
USING ONE OR MORE IMAGES OF A
CHECKERBOARD PATTERN

CROSS REFERENCE TO RELATED
APPLICATIONS

This application is a 371 application of International
Application No. PCT/PT2012/000030, filed Jul. 25, 2012,
which claims priority to Portuguese Patent Application
PT105832, filed Jul. 25, 2011, all of which are incorporated
by reference in its entirety herein.

FIELD OF INVENTION

The present invention relates to a high precision method,
model and apparatus for calibrating, determining the rota-
tion of the lens scope around its symmetry axis, updating the
projection model accordingly, and correcting the image
radial distortion in real-time using parallel processing for
best image quality.

BACKGROUND OF THE INVENTION

An optical instrument is generally required to produce a
geometrically consistent image of a given object, where each
point in 3D is projected into a point in the image. The image
is generally formed in accordance with some predefined
imaging model, which in this case, it is assumed to be a
pin-hole model. The departure of practical optical systems
from ideal behavior leads to the introduction of aberrations
in the resulting images. The aberration here is lens distor-
tion, which is present in both color and grey-scale imaging
devices. Its nature is predominantly a radial geometric
displacement of pixels, giving a barrel or a pincushion effect.
Lens distortion is a thorn in the side of many relatively
straightforward image analysis tasks. It comprehensively
degrades the accuracy of measurements made in real images,
where pixels in a normal perspective camera can suffer large
displacements along the radial directions. Moreover, it also
affects the visual perception, namely by changing depth
cues.

One known method for addressing lens distortion is in
conjunction with a complete calibration of the camera
system. Complete camera calibration essentially means that
the camera’s internal and external parameters are obtained
[8]. Many applications do not require the full complement of
internal camera parameters and the relative orientation in
relation to some calibration target. Non-metric applications
differ in that the distortion is determined without necessarily
estimating the entire camera internal and external param-
eters.

In the 1960’s Duane C. Brown, working in the area of
photogrammetry, proposed a method for determining lens
distortion based on the truism that straight lines must be
imaged as straight lines. This technique, published in
(Brown, 1971), and with extensions in (Fryer and Brown,
1986), became known as the ‘plumb line’ method. A com-
prehensive historical review is given in Clarke and Fryer
(1998). This technique was adopted by the machine vision
community where simplified versions of the plumb line
method were presented, e.g. Prescott and McLean (1997b),
(also as patent Prescott and McLean (1997a) XP000683415)
Haneishi et al. (1995a) (also as patent Haneishi et al. (1995b)
XP000527216) Poulo and Gorman (1999) U.S. Pat. No.
6,002,525 and Asari et al. (1999) all describe a similar
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2

truism for the correction of distortion using images of
co-linear points. Since these methods only estimate distor-
tion, they are sometimes referred to as non-metric calibra-
tion.

An intrinsic problem for “plumb line” based calibration is
that the optimization/search must be run with respect to both
the straight line parameters (that are unknown) and the
distortion parameters (that are also unknown). An alternat-
ing approach was employed, for example in Devernay and
Faugeras (2001), Tzu-Hung (2003) and Bing (1999)
EP0895189, which iteratively adjusts the distortion param-
eters in order to minimize the line fitting to the distorted line
segments. No sufficiently validated mathematical relation-
ship exists between the objective error and the distortion
parameters, hence no analytical derivatives are available.
These results in slow convergence and can become unstable
for elevated distortion levels, unless special steps are taken,
as in Swaminathan and Nayar (2000). In this non-metric
approach Swaminathan and Nayar (2000) reformulated the
objective function in distorted space instead of the usual
undistorted space.

Another approach has been suggested in Ahmed and
Farag (2001) where the curvature of detected lines is used to
estimate the parameters of the derivative distortion equation.
However, the simulation results showed abysmal perfor-
mance in the presence of noise, while the real results lacked
a quantitative evaluation.

A more standard manner of calibrating distortion is with
the simultaneous estimation of a camera’s extrinsic and
intrinsic parameters. Tsai’s method (Tsai, 1987) involves
simultaneously estimating, via an iterative numerical opti-
mization scheme, the single distortion parameter and some
internal parameters such as focal length, given the 3D
position of a set of control points. The disadvantage of this
approach is that it requires known 3D control points and in
return offers relatively low accuracy for all but simple
distortion profiles. Algorithmic variations on this principal
have been proposed by several authors, such as Weng et al.
(1992) and Wei and Ma (1994) using more appropriate
models for lens distortion. These methods also require
known 3D control points.

The rendering of distortion corrected images is investi-
gated in Heikkila and Silven (1997), wHeikkila (2000)
describing a similar technique that requires 3D control
points or multiple image sets of 2D control points. An
alternative method also based on multiple sets of 2D control
points has been advanced in Zhang (1998, 2000) and Sturm
and Maybank (1999). This technique addresses distortion
through an alternating linear least squares solution, which is
then iteratively adjusted in a numerical minimization includ-
ing all estimation parameters. The relative complexity of
these techniques is increased by the inclusion of lens dis-
tortion.

On the other hand there are many situations where only
distortion removal is required, not the full complement of
intrinsic and extrinsic parameters. An example is in the
estimation of multiple view geometry in real images, where
techniques have been specifically developed to accommo-
date lens distortion. Zhang (1996) investigates the possibil-
ity of simultaneously estimating distortion parameters and
the Fundamental Matrix. The results conclude that this is
possible if noise is low and distortion is high. Fitzgibbon
(2001) (with patent Fitzgibbon (2003) GB2380887), Mic-
usik and Pajdla (2003) and Barreto and Daniilidis (2004) use
an alternative model for distortion, leading to a polynomial
Eigen value problem, and a more reliable estimation of
distortion and geometry. Stein (1997) took the reverse
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approach and used the error in Fundamental Matrix estima-
tion as an objective error to estimate distortion parameters.

Alternative methods of distortion calibration exist, where
control points correspondences are abandoned in favor of
distortion free scenes. These scenes are then imaged by the
camera system, whereupon an image alignment process is
conducted to correct for distortion. Lucchese and Mitra
(2003) describe a technique where the distorted image is
warped until it registers (in intensity terms) with the refer-
ence image. A similar technique using a coarse filter to find
registration is described in Tamaki (2002) (with patent
Tamaki et al. (2002) US2002057345) while Sawhney and
Kumar (1999) (also with patent Kumar et al. (1998)
WO09821690) describe a registration technique that does not
require an undistorted reference image. Instead, multiple
images are registered for the generation of a mosaic image,
for example such as a panoramic resulting from the combi-
nation of several different views, and distortion is simulta-
neously estimated. These techniques have a very high com-
putational overhead, with twenty minutes quoted in Tamaki
(2002).

A final class of non-metric calibration methods are based
on distortion induced high-order correlations in the fre-
quency domain. Farid and Popescu (2001) describe a tech-
nique, however its performance is poor in comparison with
regular camera calibration techniques, and it also appears to
be slightly dependent on the image content. Yu (2004)
further develops this approach with alternative distortion
models and reports accuracy approaching that achieved with
regular camera calibration if the source image is of a regular
calibration target. Finally, a means of fabricating a curved
CCD array has been suggested by Gary (2003)
US2003141433. The lens distortion profile is copied in the
array by a series of line segments, thus the resulting image
appears distortion free.

SUMMARY

The solution provided herein relies on a complete geo-
metric calibration of optical devices, such as cameras com-
monly used in medicine and in industry in general, and
subsequent rendering of perspective correct image in real-
time. The calibration consists on the determination of the
parameters of a suitable mapping function that assigns each
pixel to the 3D direction of the corresponding incident light.
The practical implementation of such solution is very
straightforward, requiring the camera to capture only a
single view of a readily available calibration target, that may
be assembled inside a specially designed calibration appa-
ratus, and a computer implemented processing pipeline that
runs in real time using the parallel execution capabilities of
the computational platform.

The invention refers as well as to a computer program
embodied on a computer medium which, when executed by
a processor, performs all the method steps.

A more complete understanding of the invention will be
appreciated from the description and accompanying draw-
ings and the claims, which follow.

BRIEF DESCRIPTION OF THE DRAWINGS

The accompanying drawings, which are included to pro-
vide a further understanding of the invention and are incor-
porated in and constitute a part of this application, illustrate
embodiment(s) of the invention and together with the
description serve to explain the principle of the invention. In
the drawings:

5

10

15

20

25

30

35

40

45

50

55

60

65

4

FIG. 1 shows the rigid medical endoscope that combines
a borescope with a CCD camera (a). The system enables the
visualization of human body cavities whose access is diffi-
cult or limited, and is widely used for both surgery and
diagnosis. (b) is an image of the interior of a knee joint,
acquired by a 30° oblique viewing arthroscope.

FIG. 2 shows the calibration of the endoscopic camera
from a single image of a planar checkerboard pattern. The
calibration image of (a) is acquired in an unconstrained
manner (no assumptions about the relative pose between
camera and plane) using the setup shown in (b). The
exhibited setup consists of an acrylic box that controls the
lighting conditions. The planar grid is backlit to enable the
robust and accurate detection of the image corners without
user intervention.

FIG. 3 is the scheme showing the different modules of the
system that is proposed for calibrating the camera and
correcting the radial distortion of the images/video. The
left-hand side concerns the Initialization Procedure that is
performed only once, after connecting the endoscopic lens
to the CCD camera, and requires the acquisition of a single
calibration image using the setup in FIG. 2. The right-hand
side shows the Processing Pipeline that is executed at each
frame time instant i in order to correct the radial distortion
in the endoscopic video stream.

FIG. 4 shows the tracking of the boundary contour. The
schemes from left to the right relate to the original frame
acquired at time instant i, the warped image using the affine
transformation S, and the polar image obtained by changing
from Cartesian to spherical coordinates. The red dashed
overlay relates to the previous boundary estimate, and the
crosses are the detected points in the current contour. S maps
Q,, into a unit circle. The purple shaded area is the image
region that suffers the polar warp and is where the search is
performed.

FIG. 5 shows (a) a plot of the principal point ¢, triangular
mark p, and boundary center w, when the lens undergoes a
full rotation. (b) and (c) illustrates the model and assump-
tions that are considered for updating the intrinsic matrix of
the endoscopic camera. The lens projects a virtual image
onto a plane I' that is imaged into 1 by a CCD camera. The
relative rotation of the lens is around an axis 1 that is parallel
to the optical axis and orthogonal to planes 1 and I'. ¢
represents the principal point and q is the center of the
induced image rotation.

FIG. 6 shows the computation of the image rotation center
q; when the triangular mark is correctly detected (a), and
when there is no mark information (b).

FIG. 7 shows the RMS reprojection error as a function of
the angular displacement a. The blue line represents the
error for the case of no rotation compensation (the values are
the RMS displacement of the image corners). The red line
shows the reprojection error when using our model (equa-
tion 11). For a=0 the plotted value is the reprojection error
of the SIC calibration.

FIG. 8 shows the radial distortion correction of endo-
scopic video sequences with lens probe rotation. The origi-
nal and warped frames are presented in the top and bottom
rows, respectively. (a) shows the reference position (a=0)
for which the initial calibration is performed. (b) compares
the distortion correction results without (left) and with
(right) compensation of the lens rotation motion. (¢) and (d)
are examples that illustrate the benefits of the RD correction
in terms of perceiving the scene. The warped frames are
larger because of the option to preserve the dimensions in
the central image region.
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FIG. 9 shows the execution time per frame for different
output image resolutions. The input images have a resolution
of 1600x1200 pixels and the output images have variable
square size. The table on the right shows the speedup
achieved with the optimized hybrid CPU+GPU approach
relative to the naive CPU solution.

FIG. 10 shows the radial distortion correction algorithm
steps for the particular case of an hybrid CPU+GPU com-
puting unit. The red blocks represent CUDA kernels invo-
cations. The green dotted blocks represent allocated device
memory. Except for the purple block, which is computed on
the CPU, all processing is performed on the GPU.

FIG. 11 shows the calibration parameters comparison
between SIC and bouguet calibration toolbox.

FIG. 12 shows the execution times, in milliseconds, and
frames per second (fps) achieved with the full system
running the optimized hybrid CPU+GPU solution for dif-
ferent image resolutions.

FIG. 13 shows the calibration from a single image (soft-
ware screenshot).

FIG. 14 shows the calibration box schematic. (1)—box
upper compartment built using opaque, waterproof materials
for avoiding the entrance of light from the exterior; (2)—
openings for giving access to the lens probe; (3)—opaque
material membrane that minimizes the entrance of light from
the exterior; (4)—image acquisition device; (5)—lower
compartment o the box, where the diffuse light source is
installed; (6)—separator between the lower and upper com-
partments; (7)—planar grid with a known pattern, made of
transparent or translucent material, which is placed on the
top of the separator.

DETAILED DESCRIPTION

We propose a complete solution for the calibration, online
updating of the projection parameters in case of lens rota-
tion, and radial distortion correction in real-time. The solu-
tion comprises the modules and blocks shown in the scheme
in FIG. 3 and the apparatus of FIG. 14, being that the
operator starts by acquiring a single image of a checkerboard
pattern using the setup in FIG. 2.

The system herein presented was originally meant for
medical endoscopy that typically employs a boroscopic lens
probe mounted on a standard CCD camera. However, our
solution is extendable to other application domains using
cameras with significant radial distortion that might benefit
from accurate geometric calibration and real-time image
correction. Examples of these domains include surveillance,
industrial inspection, automotive, robot navigation, etc, that
often rely in images/video acquired by cameras equipped
fish-eye lenses, wide angular lenses, mini lenses, or low
quality optics.

The apparatus that is disclosed in this patent application
consists of a calibration box (FIG. 14) used to acquire a
single image of a known pattern. The acquired image is used
as input to the novel calibration algorithm (FIG. 13), that
will provide the necessary camera parameters to perform a
real-time and lens rotation independent image distortion
correction.

The calibration images are acquired using a box built
using opaque materials for avoiding the entrance of light
from the exterior (FIG. 13). The box has one or more
openings for giving access to the lens probe (FIG. 13-3), and
each opening is surrounded by a rubber membrane that
minimizes the entrance of light from the exterior (FIG.
13-2). The box is divided in two compartments by a sepa-
rator in transparent or translucent material (FIG. 13-6). A
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planar grid with a known pattern (FIG. 13-7), made of
transparent or translucent material, is placed in the upper
compartment (FIG. 13-1) on the top of the separator. A light
source, for diffuse back-illumination of the planar grid, is
placed in the lower compartment (FIG. 13-5). The upper
compartment can be filled with a fluid for better replicating
the mean where the visual inspection will be carried. The
apparatus comprises a computer unit, with sequential and
parallel processing capabilities, such as a Central Processing
Unit and a Graphics Processing Unit, which is connected to
a camera for image acquisition (FIG. 13-4). A display and an
interface device connected to the computer unit are also
required for visualizing and entering user commands.

The method for automatic camera calibration, on-line
update of the projection parameters in case of lens rotation,
and real-time image rectification/correction using parallel
processing, is summarized as follows: The corners in the
calibration frame are detected, and both the camera intrinsic
K, and the radial distortion £ are estimated without further
user intervention. After this brief initialization step the
processing pipeline on the right of FIG. 3 is executed for
each acquired image. At each frame time instant i we detect
the boundary contour ,, as well as the position of the
triangular mark p,. The detection results are used as input in
an estimation filter which, given the boundary Q, and
marker position p, in the calibration frame, then estimates
the relative image rotation due to the possible motion of the
lens probe with respect to the camera head. This 2D rotation
is parameterized by the angle ai and the fixed point qi that
serve as input for updating the camera calibration based on
a new adaptive projection model. Finally, the current geo-
metric calibration K,, § is used for warping the input frame
and correct the radial distortion. This processing pipeline
runs in real time with computationally intensive tasks, like
the image warping and the boundary detection, being effi-
ciently implemented using the parallel execution capabilities
of the GPU.

A. Aquisition of One or More Images of a Checkerboard

Pattern.

User intervention is limited to the acquisition of one or
more calibration images using the calibration box of FIG.
2(b), which is detailed in FIG. 13. The pose of the camera
with respect to the checkerboard plane is arbitrary, and the
box of FIG. 13 is meant for controlling the illumination
conditions for the automatic detection of image corners. The
image acquired is similar to FIG. 2(a).

B. Detection of Grid Corners in the Calibration Image and

Estabilishment of Image-Plane Correspondances

It is important to note that locating corners in an image
with strong radial distortion can be highly problematic
because of the bending of the straight lines. After the frame
acquisition the processing steps are:

1) Localization of a minimum of 12 corners in the center
image region where the distortion is less pronounced. This
operation is carried out by a heuristic algorithm that uses
standard image processing techniques. The consistent cor-
respondence between image corners X and grid points g is
accomplished by counting the squares of the checkerboard
pattern.

2) The image-plane correspondences are used for esti-
mating the function that maps points in planar grid coordi-
nates into points in image coordinates, this is, estimate H,
using a DLT-like approach (equation 7 in section B).

3) The checkerboard pattern is projected onto the image
plane using the homography for generating corner hypoth-
eses in the image periphery. These hypotheses are confirmed
and refined by applying a standard image corner finder.
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4) The steps 2) and 3) are iterated until the number of
established correspondences is considered satisfactory.

C. Determination of the Camera Intrinsic Parameters Using
the Image-Plane Correspondences in at Least One Cali-
bration Image.

The purpose of the Initialization Procedure in FIG. 3 is to
determine the intrinsic calibration matrix K, and the radial
distortion & when the lens probe is at a reference position Q,
Po- Camera calibration is a well-studied topic with hundreds
of references in the literature. The most widely used soft-
ware is probably Bouguet’s toolbox [16] that implements
Zhang’s method [17] for calibrating a generic camera from
a minimum of 3 images of a planar grid. Unfortunately, the
Bouguet toolbox does not meet the usability requirements of
our application. In practice the number of input images for
achieving accurate results is way above 3, and the detection
of grid corners in images with RD needs substantial user
intervention. Our method works with a minimum of one
image.

Several authors have addressed the specific problem of
intrinsic calibration of medical endoscopes [9]-[11], [18],
[19]. However, these methods are either impractical for use
in the OR or they employ circular dot patterns to enable the
automatic detection of calibration points, which undermines
the accuracy of the results [20].

A camera equipped with a borescope is a compound
system with a complex optical arrangement. The projection
is central [5] and the image distortion is described well by
the so-called division model [21], [14], [13].

Barreto et al. show that a camera following the projection
model described above can be calibrated from a single
image of a planar checkerboard pattern acquired from an
arbitrary position [21]. Let g be a point in the checkerboard
expressed in plane homogeneous coordinates, x is the cor-
responding point in the image plane and H is the homog-
raphy encoding the relative pose between plane and camera
[8]. A point g in the checkerboard plane is mapped into the
image through the following function:

x~Kole(Hg).

Where I’ is a nonlinear projective function that accounts for
the image radial distortion [21], and K, is the matrix of
intrinsic parameters with the following structure:

a Sf o (3
Ko~| 0 a'f cy
0 0 1

Where | a, and s, stand respectively for the focal length,
aspect ratio, and skew, and c:(cx,cy)T are the non-homoge-
neous coordinates of the image principal point.

Let g and X be homogeneous vectors with dimension 6
corresponding to the lifted representation of points g and x
according to a second order Veronese map [13]. It can be
proved that

$~Heb

M

With F,,, being a 6x6 matrix. Since each image-plane
correspondence imposes 3 linear constraints on the lifted
homography, the matrix I, can be estimated from a
minimum of 12 point correspondences (x,g) using a Direct
Linear Transformation (DLT)-like approach. Given Hg,g,
the matrix of intrinsic parameters K,, the distortion param-
eter &, and the original homography H, can be factorized in
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a straightforward manner. This initial camera calibration can
be further refined using standard iterative non-linear opti-
mization.

D. Boundary Contour Detection Between Circular and

Frame Regions

Finding the image contour that separates circular and

frame regions (see F1G. 1(b)) is important not only to delimit
meaningful visual contents, but also to infer the rotation of
the lens probe with respect to the camera head. The proposed
approach for tracking the boundary contour and the trian-
gular mark across successive frames is related to work by
Fukuda et al. [4] and Stehle et al. [15]. The first infers the
lens rotation in oblique viewing endoscopes by extracting
the triangular mark using conventional image processing
techniques. The method assumes that the position of the
circular region does not change during operation, which is in
general not true, and it is unclear if it can run in real time.
Stehle et al. proposes tracking the boundary contour across
frames by fitting a conic curve to edge points detected in
radial directions. The main difference from our algorithm is
that we use a hybrid serial+parallel implementation for
rendering a polar image and carry out the search along
horizontal lines. This strategy makes it possible to reconcile
robustness and accuracy with low computational cost.

Since the lens probe moves with respect to the camera

head the contour position changes across frames, which
precludes using an initial off-line estimation. The boundary
detection must be performed at each frame time instant,
which imposes constraints on the computational complexity
of the chosen algorithm. Several issues preclude the use of
naive approaches for segmenting the circular region: the
light often spreads to the frame region; the circular image
can have dark areas, depending on the imaged scene and
lighting conditions; and there are often highlights, specular-
ity, and saturation that affect the segmentation performance.

It is reasonable to assume that the curve to be determined

is always an ellipse Q with 5 degrees of freedom (DOF) [8].
Thus, we propose to track the boundary across frames using
this shape prior to achieve robustness and quasi-determin-
istic runtime. Let €2, ; be the curve estimate at the frame time
instant i-1 as shown in FIG. 4(a). The boundary contour for
the current frame 1 is updated as follows:

1) Definition of a ring area in the original image (FIG.
4(b)), partially or totally containing the last estimate of
the boundary.

2) Rendering of a new stripe image where the previous
boundary estimate is mapped into the central vertical
line (FIG. 4(c)). It is well known that there is always an
affine transformation that maps an arbitrary ellipse into
a unitary circle whose center is in the origin [8]. Such
transformation S is given by:

reos(@)  rsin(@) —r(wi-xcos(@) + wi_y ysin(¢))
—sin(¢) cos(@)  wi_pasin() —wiyco8(d) |,
0 0 1

S~

where r is the ratio between the minor and major axis
of Q, |, ¢ is the angle between the major axis and the
horizontal direction, and (w,,,, W, ) are the non-
homogeneous coordinates of the conic center w, ;. The
transformation S is used to generate the intermediate
result of FIG. 4(b), and the polar image (FIG. 4(¢)) is
obtained by applying a change from Cartesian to
spherical coordinates.
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3) Detection of boundary points in the stripe image using
image processing techniques. The edge points in the
stripe image of FIG. 4(c) are detected by applying a
1-dimensional edge filter (such as Laplacian of Gauss-
ian) and scanning the horizontal lines from the right to
the left to find the transition.

4) The edge points, which are expressed in spherical
coordinates x=(p, 0), are mapped back into the original
image points by the function F of equation 1.

peos(0) o)
x~ Fs(y) ~ sl[ psin(8) ]

1

The current conic boundary Qi is finally estimated
using the robust conic fitting [23] and using RANSAC
[24] to avoid the pernicious effects of possible outliers.

5) The steps from 1) to 4) are repeated until the boundary

contour estimate converges.

The steps presented to estimate the boundary contour of
the circular image are accelerated using the parallel process-
ing capabilities of the computational unit.

E. Estimation of the Angular Displacement of the Lens
Probe Relatively to the Camera when the Lens Undergoes
Rotation Motion
After correct convergence of the method described in

section D, the boundary contour is mapped into the central
vertical line of the polar image (FIG. 4(c)), enabling the
robust detection of the triangular mark by scanning an
auxiliary vertical line slightly deviated to the right, and
selecting the pixel location that has maximum intensity. The
position of the triangular mark is fed into a stochastic filter
that infers the current angular displacement relatively to the
calibration position at each frame.

F. Update of the Projection Model for the Current Frame
Based on the Calibration and Angular Displacement of the
Lens Probe
The relative motion between lens and camera head causes

changes in the calibration parameters that prevent the use of
a constant model for correcting the distortion [5]. There is a
handful of works proposing solutions for this problem
[2]-[4], [15], [22], but most of them have the drawback of
requiring additional instrumentation for determining the lens
rotation [2], [3], [22]. The few methods relying only on
image information for inferring the relative motion either
lack robustness [4] or are unable to update the full set of
camera parameters [15]. This section proposes the new
intrinsic camera model for oblique-viewing endoscopes that
is driven simultaneously by experiment and by the concep-
tual understanding of the optics arrangement. It is assumed
that the probe rotates around an axis that is orthogonal to the
image plane but not necessarily coincident with the optical
axis. The parameters of the lens rotation required to update
the camera model are estimated by a robust EKF that
receives image information about the boundary contour and
triangular mark as input. Our dynamic calibration scheme
has two important advantages with respect to [15]: (i) the
entire projection model is updated as a function of the lens
rotation, and not only the RD profile curve; and (ii) the
rotation of the lens can still be estimated in the absence of
the triangular mark (see FIG. 1(5)). Convincing experimen-
tal results in re-projecting 3D points in the scene validates
the approach.

In order to assess effect of the relative rotation between
lens and camera-head in the camera model we acquired 10
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calibration images while rotating the lens probe for a full
turn. The camera calibration was estimated for each angular
position using the methodology in section C, and both the
boundary € and the triangular mark were located as
described in section D and E. FIG. 8(a) plots the results for
the principal point ¢, the boundary center w, and the lens
mark p. Since the three parameters describe almost perfect
concentric trajectories it seems reasonable to model the
effect of the lens rotation on the camera intrinsics by means
of a rotation around an axis orthogonal to the image plane.
This idea has already been advanced by Wu et al. [3], but
they consider that the axis always goes through the principal
point, an assumption that in general does not hold, as shown
by our experiment.

The scheme in FIGS. 5(b) and (c) aims to give the idea of
the proposed model for describing the effect of the lens
rotation in the camera intrinsics. Let us assume that the
borescopic lens projects a virtual image onto a plane I'
placed at the far end. We can think of I' as the image that
would be seen by looking directly through a camera eye-
piece. K_ is the intrinsic matrix of this virtual projection, and
¢' is the point location where the optical axis meets the plane.
Now assume that a camera head is connected to the eye-
piece, such that the CCD plane 1 is perfectly parallel to 1' and
orthogonal to the optical axis. The projection onto I has
intrinsic K, with the principal point ¢ being the image of ¢'.
So, if K, is the intrinsic matrix estimate

0 e«
KON[O f Cy]

00 1

then it can be factorized as

fo 0 Y f 00
Ko~KpKe~| 0 fu oy | O £ O
0 0 1 0 01

With £, being the focal length of the borescope lens, and
f, being the focal length of the camera head that converts
metric units into pixels.

Let us now consider that the lens probe is rotated around
an axis 1 by an angle o (FIG. 8(c)). 1 is assumed to be
orthogonal to the virtual plane I', but not necessarily coin-
cident with the lens axis. In this case the point ¢' describes
an arc of circle with amplitude o and, since 1 and I' are
parallel, the same happens with its image c. The intrinsic
matrix of the compound optical system formed by the
camera head and the rotated borescope becomes

K~K;Re goKe ®)

With R, . being a plane rotation by o and around the
point q', where the axis 1, intersects I'.

cos(@) sin(@) (1 —cos(a)g; —sin(@)g, ©

R

g’ = —sin(a) cos(@) sin(a)gx + (1 —cos(a)gy |,

0 0 1

The position of q' is obviously unchanged by the rotation,
and the same is true of its image q~K,q'. Taking into account
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the particular structure of K,,, we can re-write equation 8 in
the following manner

K ~ Ry qKnK: ~ RogKo

We have just derived a projection model for the endo-
scopic camera that accommodates the rotation of the lens
probe and is consistent with the observations of FIG. 8(a).
The initialization procedure estimates the camera calibration
Ko, € at an arbitrary reference position (=0). At a certain
frame time instant i, the matrix of intrinsic parameters
becomes

K~R,

oo 10)

Where ¢, is the relative angular displacement of the lens,
and qi is the image point that remains fixed during the
rotation. Since the radial distortion is a characteristic of the
lens, the parameter & is unaffected by the relative motion
with respect to the camera-head. Thus, from equation 2, it
follows that a generic 3D point X represented in the camera
coordinate frame is imaged at:

x~K I (O)X (11

The update of the matrix of intrinsic parameters at each
frame time instant requires knowing the relative angular
displacement o, and the image rotation center g,. We now
describe how these parameters can be inferred from the
position of the boundary contour Q2 and the triangular mark
p (section III).

Let w, and w,, be respectively the center of the boundary
contours €2, and Q, in the current and reference frames.
Likewise, p;, and p, are the positions of the triangular
markers in the two images. We assume that both w,, w, and
D> Do are related by the plane rotation R, , whose param-
eters we aim to estimate. This situation is 1llustrated in FIG.
6(a) where it can be easily seen that the rotation center qi
must be the intersection of the bisectors of the line segments
defined by w,, w, and p,,p,. Once g, is known the estimation
of the rotation angle o, is trivial. Whenever the triangular
mark is unknown (if it does not exist or cannot be detected),
the estimation of qi requires a minimum of three distinct
boundary contours (FIG. 6(5)).

In order to avoid under-constrained situations and
increase the robustness to errors in measuring w and p, we
use a stochastic EKF [12] for estimating the rotation param-
eters. The state transition assumes a constant velocity model
for the motion and stationary rotation center. The equation is
linear on the state variables

@it] @

N ( T Oxs ] N

il | = i
Oz 15

Gi+1 qi

With T depending on the frame acquisition interval dt
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The measurement equation is nonlinear in ¢, and g,

(w;] (Ra;,q; O3x3 ](wo]
pi) Oz Rag Npo )

with the two last equations being discarded whenever the
detection of the triangular mark fails.

The proposed model was validated by re-projecting grid
corners onto images of the checkerboard pattern acquired for
different angles a.. The SIC calibration [21] was performed
for the reference position (=0), enabling determination of
the matrix K0, the RD parameter &, and the 3D coordinates
of the grid points. Then, the camera head was carefully
rotated without moving the lens probe in order to keep the
relative pose with respect to the calibration pattern. The
image rotation center ¢, and the angular displacement o,
were estimated for each frame using the geometry in FIG. 6.
Finally, the 3D grid points were projected onto the frame
using equation 11, and the error distance to the actual image
corner locations was measured. FIG. 7 plots the RMS of the
reprojection error for different angular displacements .. The
values vary between 2 and 5 pixels, but no systematic
behavior can be observed. We only focused on the intrinsic
parameters, while [2] and [3] consider both intrinsic and
extrinsic calibration and employ additional instrumentation.
Although no direct comparison can be made, it is worth
mentioning that our reprojection error is smaller than [3] and
equivalent to [2], where only points close to the image center
were considered. From the above, and despite all conjec-
tures, the results of the experiment clearly validate the
proposed model.

G. Real Time Correction of the Radial Distortion Through

Image Warping

This section discusses the rendering of the correct per-
spective images that are the final output of the visualization
system. As pointed out in [7], the efficient warping of an
image by a particular transformation should be performed
using the inverse mapping method. Thus, we must derive the
function F that maps points y in the desired undistorted
image into points x in the original distorted frame. From
equation 11, it follows that

FOK TR g, 0K, 7'y).

K, specifies certain characteristics of the undistorted image
(e.g. center, resolution), R_,, - rotates the warping result
back to the original orientation, and q" is the back-projection
of the rotation center g,

05"~ "sy DT (K gy,

In order to preserve object’s scale in the center region we
expand the image periphery and keep the size of the undis-
torted center region. This is done by computing the size u of
the warped image from the radius of the boundary contour
of section D. Let rd be the distance between the origin and
the point K, ,p, (the distorted radius). The desired image
size u is given by u=f, , where f is the camera focal length,
and r,, is the undistorted radius. Accordingly, the matrix K,
must be

f0 s
Ky~ 0 f -fdf,
00 1

with the center of the warped image being the locus where
the image rotation center g, is mapped. FIG. 8 shows the RD
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correction results for some frames of an endoscopic video
sequence. The examples clearly show the improvements in
the scene’s perception, and the importance of taking into
account the lens probe rotation during the correction of the
image geometry (FIG. 8(5)).

The rendering of the corrected images requires high
performance computational resources to process data in
real-time. We propose to parallelize parts of our algorithms
for correcting the RD on the a parallel processing unit (in
this case the GPU). We evaluate the impact of our hybrid
serial+parallel solution by comparing 4approaches:

(1) a naive purely CPU based solution;

(ii) a hypothetical CPU version using OpenMP2directives
[6], which can be used for shared-memory architec-
tures, such as conventional COTS multicore CPUs of
the x86 family.

(iii) an un-optimized hybrid CPU+GPU version and;

(iv) an optimized hybrid CPU+GPU version.

The experimental setup of the complete running system
consists of a workstation equipped with an Intel® CoreTM2
Quad CPU at 2.40 GHz, 4 Gbyte of RAM and a GeForce
8800 GTX GPU. The GPU has 128 Stream Processors (SPs),
each running at 1.35 GHz, and a total video RAM of 768
Mbyte. The source code was compiled with GCC version
4.3.4 and CUDA version 3.0 was used.

FIG. 9 compares the execution times (required to process
a single frame) achieved with the solutions mentioned
above. The speedup table, a measure of how much faster the
GPU is than the CPU, presents the ratio between the naive
CPU and the optimized hybrid CPU+GPU execution times.
The comparison given in FIG. 9 shows that the CPU is not
able to handle large warping operations (the most time
consuming task of the algorithms) as efficiently as the GPU.
The table shows that for images with output sizes above
3000x3000 pixels not only the GPU accelerates execution,
but also the CPU performance degrades due to the increase
of cache miss penalties.

FIG. 10 presents the hybrid serial+parallel implementa-
tion steps of the radial distortion correction algorithm and
the details of the implementation strategy adopted in the
development of the hybrid program to execute on the CPU
and GPU. The parallelization of the algorithms on the GPU
is divided into three main steps:

(1) Image Conversions: the image is divided into its RGB

channels and a grayscale conversion is performed.

(ii) Boundary Estimation: the grayscale image is bound to
the parallel processing unit memory and the mapping to
spherical coordinates (equation 1) along with the con-
tour enhancement kernels are launched.

(iii) Radial Distortion Correction: the 3 image channels,
from the Image Conversions stage, are bound to the
parallel processing unit memory and the RD correction
kernel is launched.

There is an intermediary step (isolated in FIG. 10) that is
computed in the CPU. Each line of the polar image is
scanned for the contour points to which the ellipse is fitted.
The ellipse parameters are fed to the EKF discussed in
section F and the calibration parameters are updated and
passed as arguments to the distortion correction kernel. This
step is implemented on the CPU rather than the GPU
because of the serial nature of the processes involved.

The optimized hybrid CPU+GPU solution relies on a data
pre-alignment procedure, that allows to perform a single
memory access per group of threads, which is known by
coalescence [1]. If the data to be processed by the GPU is
misaligned instead, no coalesced accesses are performed and
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several memory transactions occur for each group of
threads, reducing significantly the performance of the kernel
under execution.

Although the alpha channel of the image is not being
used, it is necessary to fulfill the memory layout requirement
for performing fully coalesced accesses. An increase in the
amount of data to be transferred introduces a penalty of
10.6% in the transfer time while the coalescence achieved
reduces the kernels execution time by 66.1%. In sum, the
coalesced implementation saves 38.7% of computational
time relatively to the unoptimized hybrid CPU+GPU imple-
mentation.

The table of FIG. 12 presents the time taken by each step
in FIG. 10 while processing a 150 frame video sequence (the
times represent the mean time value of all frames processed
for each resolution). The Image Conversions (1.C.) time also
includes the transfer time of the input image from the host
to the device’s global memory. The Boundary Estimation
(B.E.) time also considers the contour points’ extraction, the
ellipse fitting and the EKF estimation processes that are
performed on the CPU (purple block in FIG. 14). Note that
the mapping of the input image to the spherical space and the
contour enhancement filter, both computed on the GPU,
consume 1 to 3 milliseconds of the Boundary Estimation
computational time represented in table II. The Radial
Distortion Correction (R.D.C.) time also considers the trans-
fer time from the device’s global memory to the host.
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The invention claimed is:

1. An apparatus for camera calibration comprising the

following:

(1) a calibration box (1) made of opaque materials for
avoiding the entrance of light from the exterior, and
having one or more openings (2) for allowing access to
a lens probe, each opening being surrounded by a
rubber membrane (3) that minimizes the entrance of
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light from the exterior; the box is divided in two
compartments by a separator (6) in transparent or
translucent material, an open compartment that can be
filled with a fluid for replicating the means where the
visual inspection will be carried;

(i) a planar grid (7) with a known pattern, made of
transparent or translucent material, which is placed on
the top of the separator;

(ii1) a light source, installed in the lower box compartment
(5), for diffuse back-illumination of the planar grid;

(iv) a computer unit, with sequential and parallel process-
ing capabilities, comprising a Central Processing Unit
and/or a Graphics Processing Unit, that is connected to
a camera for image acquisition of a single image of the
known pattern;

the acquired image used as an input to perform camera
calibration;

(v) a display device connected to the computer unit;

(vi) and an interface device connected to the computer
unit for entering user commands.

2. The apparatus of claim 1 which includes a planar
checkerboard pattern that is viewed by said camera and that
can eventually include distinguishable features, centered in
two consecutive diagonal white squares, which identify the
grid corner lying in between.

3. The apparatus of claim 1 which can include multiple
possible entry points for observing the planar pattern, these
entrance points can have multiple shapes and sizes accord-
ing to the types of lens probe and for the viewing of the
pattern from different perspectives.

4. A method for automatic camera calibration such as in
medical or industrial devices like endoscopic cameras, a
projection model updating according to the lens probe
rotation, and a real-time image distortion correction that
carries out the following operations:

(1) user command acquisition of one or more calibration
images of a checkerboard pattern using a calibration
box;

(i1) detection of the grid corners in the calibration images
and establishment of image-plane correspondences;

(ii1) determination of a camera’s intrinsic parameters such
as focal length, principal point, skew and aspect ratio
and the lens distortion, using the image-plane corre-
spondences in at least one of the calibration images;

(iv) continuous image/video acquisition;

(v) detection, when applicable, of a boundary contour
between circular and frame image regions, and image
coordinates of a triangular mark, this operation being
carried out at each frame time instant;

(vi) robust determination, when applicable, of an angular
displacement undergone by a lens probe with respect to
camera head using output of (v);

(vii) updating intrinsic calibration information given an
initial camera calibration of (iii) and, when applicable,
a relative rotation information of (vi), making use of a
new projection model for describing oblique viewing
endoscopes or other camera device where a lens probe
rotates with respect to a camera-head; and

(viiil) performing real-time image rectification for correc-
tion of radial distortion using the current camera cali-
bration of (vii).

5. The method of claim 4 wherein the operation (ii)
consists of an automatic establishment of the correspon-
dence between corner points in the planar grid with a known
pattern (7), which is a checkerboard pattern, and corner
points in one of the calibration images, and comprises the
following steps:
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a. detection of corners or seed points in a central image
region using image processing techniques;

b. inference of coordinates of the corners or seed points in
the planar grid with a known pattern which is a check-
erboard pattern;

c. determination of the function that maps the corner or
seed points in planar grid coordinates with a known
pattern (7) which is a checkerboard pattern into points
in image coordinates, with implicit encoding of the
camera parameters, the lens distortion, and the relative
rotation and translation between the planar grid with a
known pattern which is a checkerboard pattern and the
camera;

d. projection of the planar grid corners with a known
pattern (7) which is a checkerboard pattern into the
calibration image using the function determined in (c);

e. localization of new corners in the image through local
search around projected corners from the planar grid
with a known pattern (7) which is a checkerboard
pattern; and

f. iteration over steps (c) to (e) until the number of
established corner correspondences is considered sat-
isfactory.

6. The method of claim 4 wherein the operation (iii)
consists of an estimation of the camera intrinsic parameters
and lens distortion from a single calibration image using the
corner correspondences comprising the following steps:

a. computation of a function that maps lifted point coor-
dinates in the planar grid with a known pattern (7) into
lifted point coordinates in the image plane; and

b. decomposition of the mapping function of (a) for
determining the focal length, principal point, aspect
ratio, skew, distortion parameters, and relative rotation
and translation, between planar grid with a known
pattern (7) and camera.

7. The method of claim 6 which can be complemented by
an additional step of iterative non-linear optimization for
achieving one, or more than one, of the following objectives:

a. refinement of the estimated parameters, and

b. fusion of the estimates provided by different calibration
images.

8. The method of claim 4 wherein the operation (v)
comprises the unsupervised real-time tracking of the bound-
ary contour of the Circular Image region and detection of the
triangular mark (if visible) and comprises the following
steps:

a. definition of a ring area in an original image, partially
or totally containing a last estimate of the boundary
contour of the circular image region;

b. rendering of a new stripe image where a previously
estimated boundary contour is mapped into the central
vertical line;

c. detection of boundary points in the stripe image using
image processing technique;

d. mapping of the detected points back into the original
image and fitting of a conic curve using robust estima-
tion;
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e. repetition of steps (a) to (d) until the boundary contour

estimate converges; and

f. robust detection of the triangular mark by scanning an

auxiliary vertical line in the stripe image slightly devi-
ated to the right, selecting a pixel location that has
maximum intensity, and mapping back the pixel loca-
tion to the original image.

9. The method of claim 8 wherein the operation (vi) of the
estimation, when the lens probe undergoes rotation motion,
of the angular displacement with respect to the lens position
for acquiring the calibration images, defined as reference
position, making use of the boundary contour and the
triangular mark, when available, obtained for the reference
position, and of the continuous acquisition of the video, that
for a current image comprises the following steps:

a. detection of the boundary contour and the triangular

mark; and

b. feeding of the information of (a) into a stochastic filter

that infers a current angular displacement, thus, a
relative rotation of the lens probe being determined
using exclusively image information.

10. The method of claim 9 wherein the operation (vii)
comprises, when the lens probe undergoes rotation motion,
given a camera intrinsic calibration at the initial reference
position, and the current angular displacement of the lens
probe with respect to that reference position, inferring the
camera intrinsic calibration and projection model for the
current image, including focal length, principal point, aspect
ratio, skew and distortion parameters.

11. The method of claim 4 wherein the operation (viii)
which comprises a real time correction of the radial distor-
tion through image warping, based on parallel processing
and making use of conventional computational unit systems,
the method comprising:

a. transference of data from the host computational unit to

the parallel processing unit;

b. processing of images on the system parallel processing

unit;

c. transference of the final processed images back to the

host computational unit; and

d. visualization of results.

12. A computer program embodied on a non-transitory
computer readable storage medium which, when executed
by a processor, performs the method of claim 4.

13. The method of claim 8 which is accelerated using the
parallel computational capabilities of the parallel processing
unit.

14. The method of claim 4 wherein operation (iii) is
performed with a single calibration image.

15. The method of claim 4 used for complete geometric
calibration of optical devices.

16. The method of claim 4 further comprising determining
parameters of a suitable mapping function that assigns to
each pixel of an image a 3D direction of corresponding
incident light.



